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Product safe harbor statement

This information is provided to outline Databricks’ general product
direction and is for informational purposes only. Customers who
purchase Databricks services should make their purchase decisions
relying solely upon services, features, and functions that are currently
available. Unreleased features or functionality described in
forward-looking statements are subject to change at Databricks

+ discretion and may not be delivered as planned or at all.
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Every company
wants to become a
Data+Al company



Two incompatible architectures get In the way

Data Warehouse : Data Lake
for Bl : : for Al

What happened?

“I What will happen?

Data + Al Maturity Curve
©2023 Databricks Inc. — All rights reserved @
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Customers started using our Spark clusters for SQL
The origins of the lakehouse

SQL Usage Growth on Databricks (2018-2020)

What Is a Lakehouse?

Q @ (.‘-\ by Ben Lorica, Michael Armbrust, Reynold Xin, Matei Zaharia and Ali Ghodsi

. b “1.’; January 30, 2020 in Engineering Blog

Share this post m L 4 ﬁ

Over the past few years at Databricks, we've seen a new data management architecture
that emerged independently across many customers and use cases: the lakehouse. In this

post we describe this new architecture and its advantages over previous approaches.

Data warehouses have a long history in decision support and business intelligence

applications. Since its inception in the late 1980s, data warehouse technology continued to

evolve and MPP architectures led to systems that were able to handle larger data sizes. But

while warehouses were great for structured data, a lot of modern enterprises have to deal
with unstructured data, semi-structured data, and data with high variety, velocity, and

volume. Data warehouses are not suited for many of these use cases, and they are
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certainly not the most cost efficient.
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Data Warehousing on the Lakehouse
Powered by Databricks SQL

Databricks SQL (DB SQL) is a serverless data warehouse on the Databricks Lakehouse Platform that
lets you run all your SQL and Bl applications at scale with up to 12x better price/performance,
a unified governance model, open formats and APIs, and your tools of choice - no lock-in.

2 A 2

Best price/performance Built-in governance Rich ecosystem Break down silos

O
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Databricks SQL Momentum
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https://databricks.com/product/databricks-sql
https://youtu.be/Xo1U617T-mU
https://databricks.com/product/databricks-sql
https://databricks.com/product/databricks-sql
https://databricks.com/session_na21/sql-analytics-powering-telemetry-analysis-at-comcast
https://databricks.com/customers/abn-amro
https://databricks.com/jp/customers/punchh
https://databricks.com/session_na21/delivering-insights-from-20m-smart-homes-with-500m-devices
https://databricks.com/customers/cbc-radio-canada
https://databricks.com/blog/2022/03/22/amgen-modernizes-analytics-with-a-unified-data-lakehouse-to-speed-drug-development-delivery.html
https://databricks.com/blog/2022/04/25/democratizing-data-for-supply-chain-optimization.html

Built from the ground up for best performance

Lightning fast analytics for all queries

100TB TPC-DS Price/Performance

Lower is better
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https://dbricks.co/benchmark

10GB TPC-DS @ 32 Concurrent Streams (Queries/Hr)

Higher is better

/@

July 2020 Jan 2021 June 2023
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Thursday, June 29 @2:30 PM | Databricks SQL Serverless Under the Hood: How We Use ML to Get the Best Price/Performance


https://dbricks.co/benchmark

One source of truth for all your data
Open format Delta Lake as the foundation

Delta Lake adds quality, reliability, and Q @
performance to your existing data lakes, and THE

LINUX

provides one common data management T L FOUNDATION
framework for data, analytics and Al use cases. DELTA LAKE

Consistency Durability

Thursday, June 29 @3:30 PM | Al-Accelerated Delta Tables: Faster, Easier, Cheaper




Seamless integration with Unity Catalog
Unified governance for data and Al

Securely discover, access and
collaborate on trusted data and Al assets,
leveraging Al to boost productivity and
unlock the full potential of the lakehouse
environment.

Wednesday, June 28 @11:30 AM | What's New in Unity Catalog -- With Live Demos

Wednesday, June 28 @4:30 PM | Lakehouse Federation: Access and Governance of External Data Sources from Unity Catalog



Best of the Lake and the Warehouse

Go from Bl to Al effortlessly to uncover new insights

Build and train state of the art LLMs &
machine learning models on your most
complete data, remove silos, and
democratize Al across your organization.

Wednesday, June 28 @5:00 PM | Unleashing Large Language Models with Databricks SQL's Al Functions


https://www.databricks.com/dataaisummit/session/unleashing-large-language-models-databricks-sqls-ai-functions

The best data warehouse is a lakehouse
Powered by Databricks SQL

S

databricks

Lakehouse Platform

s o s S a Data, analytics, and Al in one place

Warehousing Engineering Streaming and ML

Unity Catalog

Fine-grained governance for data and Al

6 World-class performance with data lake economics

Delta Lake

Data reliability and performance

All structured and unstructured data

Cloud Data Lake a One source of truth for all your data

Microsoft
B Microso aws 2 Google Cloud

©2023 Databricks Inc. — All rights reserved @



Product Overview




Ingest, transform, and query with any tool

A first-class SQL experience

\ S _ , :
\\\ Fivetran Self-served data mgestlop from
\ cloud storage, local files, or

. business critical applications
salesforce

.. Analytics

Query the freshest data in SQL, and
build apps and dashboards with
any tools powered by the lakehouse

Govern
&

Manage A familiar toolkit to discover and

transform all your data in-place
using standard SQL

=] El
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Data Ingest: Streaming Tables
Efficiently and continuously land data in the bronze layer

Enable the continuous, scalable ingestion from any
data source including cloud storage, message buses
(EventHub, Kafka, Kinesis) and more

CREATE STREAMING TABLE report
AS SELECT SUM(profit)
FROM cloud_files(prod.sales

2\ report
fg;g streaming table

amazon .
S3 -

Azure Data Lake Storage Gen2

‘\hr[ amazon %
=~ KINESIS kafka

Wednesday, June 28 @12:30 PM | Delta Live Tables A To Z: Best Practices For Modern Data Pipelines



Data Ingest: Partners
Work with your data no matter where it lives

Microsoft Azure ‘ Databricks Portal emma.liu@datab

Easily ingest business critical data from . p—— T—
Salesforce, Google analytics, Marketo etc.. }

using Fivetran or import files from your e < B

data stores.

Advanced attributes

6523 00A heliport Total Rf Heliport 40.07080078125 -74.933601379394!
323361 00AA small_airport Aero B Ranch Airport 38.704022 -101.473911
6524 00AK small_airport Lowell Field 59.947733 -151.692524
6525 00AL small_airport Epps Airpark 34.86479949951172 -86.770301818847!
6526 00AR closed Newport Hospital & Clinic Heliport 35.6087 -91.254898
322127 00AS small_airport Fulton Airport 34.9428028 -97.8180194
6527 00AZ small_airport Cordes Airport 34.305599212646484 -112.16500091552
6528 00CA small_airport Goldstone (GTS) Airport 35.35474 -116.885329
324424 oocL small_airport Williams Ag Airport 39.427188 -121.763427
[ \‘ - 322658 00CN heliport Kitchen Creek Helibase Heliport 32.7273736 -116.4597417
d q tq b r I C kS + F I Ve t r a n 6529 ooco closed Cass Field 40.622202 -104.344002
‘\ 6531 00FA small_airport Grass Patch Airport 28.64550018310547 -82.219001770019!

Cancel
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Accelerate end-user queries and reduce
infrastructure costs with efficient,
incremental computation

Accelerate Bl dashboards and ETL
queries

Streaming: build MVs on top of live
tables

Easy ELT: Simplify reporting by cleaning,
enriching, denormalizing the base tables

©2023 Databricks Inc. — All rights reserved

Speed up queries with pre-computed results

@ s

sales_report

city total_rev

24

f

<

sales

prod loc txn price

store_info

loc mgr city




Materialized Views and Streaming Tables
The best data warehouse gets the best of data engineering

© Daily customer order summary + Enable your analysts. SQL and data analysts can
€ samples. & pch v O shared ndpoin Serveriess 5 ~ easily ingest, clean, and enrich data to quickly
Soenlle e meet the needs of your business.

mﬁ: ;(I}ME %;E?‘;m;r:;a/cmcago’ ,
& Speed up Bl dashboards. Create MV's to
customer.c_name name,

customer.c_mktsegment mktsegment, accelerate SQI_ analytiCS and Bl repOrtS by

orders.o_orderdate orderdate,

geprdans OTGALpice) g price) pre-computing results ahead of time.

sum(1) total_orders
FROM
samples.tpch.orders orders

LEFT JOIN samples.tpch.customer customer ON orders.o_custkey = customer.c_custkey Move to real—time analytics. Combine MV’S With

GROUP BY

lcsropes streaming tables to create fully incremental data
pipelines for real-time use cases.

orderdate;

©2023 Databricks Inc. — All rights reserved @



DBSQL MVs & STs on Databricks Lakehouse

How do MVs and STs fit in the lakehouse architecture?

MVs and STs are
monitored in MVs and STs are refreshed

Workflows on DLT clusters

reatedin € ok & B A

Databricks SQL Databricks Databricks Delta Live Databricks
SQL Workflows Tables ML
MVs and STs are
Unity catalog -5 managed by Unity
Catalog

MVs and STs store
data in Delta Lake

S Delta Lake

Cloud Data Lake 3

All Raw Data
(Logs, Texts, Audio, Video, Images)

aws

N
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Data Transformation

Analytics engineering on the Lakehouse made simple

Databricks and dbt Labs simplify analytics

engineering on the lakehouse.

Users can ingest and transform streaming
data in their dbt pipelines using Streaming
Tables and Materialized Views.

< databricks + X dbt

©2023 Databricks Inc. — All rights reserved

dbt Cloud

& cloud.getdbt.com/#

¥ dbt

Project

branch: master

- woooQoDCOD

o B0

Fishtown Analytics ~

fct_subscription_transactions.sql

2 limit 100
1
2 {{ config(materialized = 'table') }}
B with source as (
6 select = from {{ref('subscr
8 )y

10 windows as (

12 select

16 (date_month) over (

C
ser Past Executions

@ samples > © tpch

BB customer

~ Runs dbt run

c_custkey
c_name
c_address
c_nationkey
c_phone
c_acctbal
c_mktsegment
c_comment

BB lineitem
|_orderkey
|_partkey
|_suppkey

I_linenumber
|_quantity
|_extendedprice
|_discount
I_tax
|_returnflag
I_linestatus
|_shipdate
|_commitdate

nartitian hu rFuctamar i

save 10
58aa5f22ef7488e90553497080020e46
cea7be635f2833a0aa5%ece3eelf8e08
7089a5e0b5624543cceb27ffb10f96f5
c23b85ff2b8f604642b4d630671e8251
6423414d9ec902e63b6fdZbbclledS38
03f56e009103c2f7a0992940f caS7bbe

— ©3d8ce@c52b5e70dde4c47a0475d727d

ab4ffc6@3ecd4f6d69174707f2d6bbbcd

9e0432e3ab08493457984f09f 1bd5a91

ner Count © TPCH - Number Suppliers © Order Revenue © National Revenue

Shared Endpoint [}

SELECT
year(o_orderdate) AS year,
n_name AS nation,
m(1l_extendedprice * (1 1_discount) * (((length(n_name))/100) + (year(o_c
FROM

WHERE
c_custkey = o_custkey
AND 1_orderkey = o_orderkey
AND 1_suppkey = s_suppkey
AND c_nationkey = s_nationkey

{3 = 2B [ umiT 1000

Revenue by Nation over Time Table

250M



Workflows + Databricks SQL

Orchestrate your SQL queries, dashboards, alerts, and more

Workflows > Jobs >

Refresh Sales Dashboards ‘ m

Runs Tasks

Schedule and automate your
Databricks SQL production workloads = i e e

B8 Sales Finance Metrics VO Creator ® Richard Tomlinson

Compute

& Shared SQL Endpoint - Cutting Edge
nepal g5 Runas @

Refresh_SGTM_Dashboard @ Richard Tomlinson

Easily orchestrate sophisticated e

Finance_Alert_1 & Lineage @ No lineage information for this job.
Queries
0 Check that finance and forecasts ar. LeacrimoreC]
. . . +
workflows with IIlUltIp'G dependenC|es e ©

Schedules & Triggers
Task name * @ 99
None
Refresh_SGTM_Dashboard

Enhanced monitoring and observability

Add triaaer

. > Tab Type * Workflows
o o oge . . Delta Live Tables
with proven rel|ab|||ty N prOdUCtIOI | sau (20
SQL task * | Towlmns:a12 | Actveruns:0 | Completedruns:412 | Successfulruns: 180 Skippedruns: 0 Failed runs: 232
Dashboard Finished runs count Provide feedback March 7 2023, 10:00 AM - March 8 2023, 1000 M Top 5 error types (232 errors)

RunExecutionError

SQL dashboard * @

Up next: Native integration with
dashboards, SQL queries and alerts s [

Partn

2] M M T2am aAm 8AM 12oM aPM 8PM 12aM aAM
B rfaled M Skipped M Succeeded

© Serverless Starter Endpoint (S)

Start time Job Runas Launched Duration ~ Status

Mar 9 2023, 10:20 AM CET ingest_sales janvandervegt@databri... By scheduler 3as @ Failed

Mar 9 2023, 10:19 AM CET sales_forecast janvandervegt@databri.. By scheduler 48s @ Succeeded
Mar 9 2023, 10:15 AM CET ingest_sales janvandervegt@databri.. By scheduler 3as @ Failed

Mar 9 2023, 10:10 AM CET ingest_sales janvandervegt@databri... By scheduler 325 @ Failed

Mar 9 2023, 10:09 AM CET sales_forecast Janvandervegt@databri.. By scheduler 335 @ Succeeded
Mar 9 2023, 10:05 AM CET ingest_sales janvandervegt@databri... By scheduler 40s @ Failed

©2023 Databricks Inc. — All rights reserved @



Data Consumption
Query from any tool

Connect existing Bl tools and dashboards
or brand new ones to the freshest data
using OAuth or PAT tokens

Leverage your favorite SQL workbenches or
IDE to find new insights

Build custom data apps powered by the
lakehouse with tools and languages you
already know

_|_

q.ﬂ} +ableagu  Powertl '
& Looker L Thoughtspot
TIBC2 MicroStrategy

P = ®
m python” QI [ k Q
{rest:APT} =GO no®dc

And more...

Thursday, June 29 @2:30 PM | Building Apps on the Lakehouse with Databricks SQL



Integrated Analytical Tooling

Collaboratively query, explore, and transform data in-place

Discover data, explore database schema,
and query data using ANSI SQL

Save, share, and reuse queries across teams
to get to results faster

Up next: Integrated SQL authoring assistant

Build interactive visualizations and
dashboards

Stay up to date with alerts and automatic
refresh schedules

©2023 Databricks Inc. — All rights reserved

& databricks

User

How do | filter my results to only urgent and high
priority orders?

© Assistant ChHP

To filter your results to only urgent and high
priority orders, you can modify the WHERE clause
to include a condition where o_orderpriority is
either "1-URGENT" or "2-HIGH". Here is the
modified query:

sql G » =

SELECT
o_orderdate AS Date,
o_orderpriority AS Priority,
SUM(o_totalprice) AS 'Total Price
FROM

WHERE
o_orderdate > '1994-01-01'
AND o_orderdate < '1994-01-31'
AND o_orderpriority IN ('1-
URGENT', '2-HIGH')
GROUP BY
1,

ORDER BY

This will return only the orders where the order
priority is either "1-URGENT" or "2-HIGH".

Q Search data, notebooks, recents, and more...

® © X

© Customer Value @ National Revenue Trends © Order Revenue +
m & samples. 8 tpch v (@ D Corp Server
SELECT

o_orderdate AS Date,

o_orderpriority AS Priority,

sum(o_totalprice) AS Tot Pric
FROM
WHERE

o_orderdate > '1994-01-01'

AND o_orderdate < '1994-01-31'
GROUP BY

Total Price

— 1-URGENT 2-HIGH 3-MEDIUM 4-NOT SPECIFIED —— 5-LOW

145 rows

S



Simple and Beautiful

Simplified content model, new visualization
library, and SQL-optional UX experience

Optimized for Distribution
Publish and Share to Org

Platform Integration

Unity Catalog powered dataset search and
lineage

©2023 Databricks Inc. — All rights reserved

Q search

space > Users

NBA 3Pts Performance & saved

@databricks.com

Datasets +

@ main.lakeview_demo.nba_boxscore

Layout
Aa Title

|~ 3PTs Made by Team

[ Stats over Time

|2 Player Details

V> select |~ Visualization Aa Text Box

NBA 3PT Statistics
2000 - 2021

Courtesy Basketball Reference (4

Atlanta H;
Brooklyn Nets
Charlotte Homets | ~ @ 034
Cleveland Cavaliers
Denver Nugget
Golden State Warri
Indiana Pacers )
Los Angeles Lakers
Miami Heat
Minnesota Timberwolves
New Orleans Homets
New Orleans/Oklahoma City H... § 0.31
Oklahoma City Thunder
Philadelphia 76ers
Portiand Trail Blazers 03
San Antonio Spurs .
Toronto Rapt
Vancouver Grizzlies
ington Wizar

AVG(3PP)

teamName

0 20K

SUM(3P) i

teamName playerName

Phoenix Suns Devin Booker

Orlando Magic
Portland Trail Blazers
Houston Rockets

Los Angeles Lakers
Houston Rockets
Portland Trail Blazers
Cleveland Cavaliers
Houston Rockets

Los Angeles Lakers
New Orleans Pelicans

Houston Rockets

Tracy McGrady
Damian Lillard
James Harden
Shaquille O'Neal
James Harden
Damian Lillard
LeBron James
James Harden
Kobe Bryant
Anthony Davis

James Harden

IS

@databricks.c

Refresh Dashboard (© Data Team End... Serverless I

main.lakeview_demo.nba_boxscore

Visualization

A/ Line
] ) s
X axis H

Values

80K

60K

40K

20K

5 YEARLY(Season)

Field

B Season

Transform

COUNT DISTINCT None

0 Color by Y-Series H
2000 2005 2010 2015
YEARLY(Season)
SUM(3PP) SUM(3PA)
- SUM(3PP)
3P BLK AST DRB
4 1 6 6
5 0 5 7
9 0 8 3
9 o 1 5
o o 3 16
8 1 8 3
9 1 5 6
6 o 5 8
7 o 13 2
5 1 8 10
o 5 3 10
9 0 17 13

MONTHLY DAILY COUNT



Write SQL to get insight from
unstructured text data via LLMs

CREATE
OR REPLACE FUNCTION summarize(text STRING) RETURNS STRING RETURN llm_generate(
concat( Summarize this to 1 sentence: ', text),

‘openail/gpt-3.5-turbo’
apiToken',
secret('username’ ‘openai_api_token'),

"temperature’,

)3
SELECT

product_name,

summarize(long_preduct_description) AS product_summary
FROM

products;

Sample use cases

e Extract top product issues from
call center transcripts—without
manual tagging!

e Tag customers as a potential
churn risk based on customer
support chat logs

e Generate customized
product descriptions for ad
campaigns—automatically

e Read product reviews to
understand buying
decision criteria

..many more...

Wednesday, June 28 @5:00 PM | Unleashing Large Language Models with Databricks SQL's Al Functions


https://www.databricks.com/dataaisummit/session/unleashing-large-language-models-databricks-sqls-ai-functions

Python User Defined Functions (UDFs)

Run Python UDFs from an isolated execution environment

Integrate Machine Learning models,
. . S ono CREATE FUNCTION redact(a STRING)
custom logic & bring the flexibility of
. . . RETURNS STRING
Python right into Databricks SQL! ARG Sy

AS $$
import json
keys = ["email", "phone"]
obj = json.loads(a)
for k in obj:
if k in keys:
obj[k] = "REDACTED"

return json.dumps(obj)

$$;

©2023 Databricks Inc. — All rights reserved



Unity Catalog

Discover, audit and govern all data assets in one place

Data Explorer a Browse DBFS Data Team Endpoint
Fine-grained access and audit controls =D | e e ot
usin g familiar SQL e e @oowfze:au.,W@datab,.cks,.mm |
. R Q\ee_,d nnnnn ; See Lineage Graph —m Downstream
Easily search, discover and access all = o —@
data assets from data explorer e ] e ———
Secure cross-workspace data access for o
SQL warehouses S —
Delta Sharil N
Securely share live data across platforms, -
clouds and regions, without data
replication

Automated data lineage across tables,

columns, notebooks, workflows,
dashboards

©2023 Databricks Inc. — All rights reserved @
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Lakehouse Federation
Discover, query, and govern all your data - no matter where it lives

)2

SQL Server

Unified view into all your data
Unified engine for all your data
and use cases

Unified governance across all

data sources Dashboards

Sign up @ databricks.com/qfpreview

Wednesday, June 28 @4:30 PM | Lakehouse Federation: Access and Governance of External Data Sources from Unity Catalog



Intelligent Workload Management

Efficient compute utilization

Workload Management is about efficient
compute utilization — when and where to run a
query, when to scale up or down, controls for
cancelling an execution, etc

Statement timeouts at workspace and query
level already available

Additional ongoing investment in intelligent
auto-scaling, adaptive routing & remote result
cache

Mixed Workloads Query Latency (Seconds)

Lower is better
13 \

\

Baseline New

SOL WAREHOUSE - MIXED WORKLOADS

Wednesday, June 28 @4:00 PM | Under the Hood: Intelligent Workload Management



Query History & Profile

Execution details review & troubleshooting

® 0 ® < patabricks x |+

< C @ httpsy//cloud.databricks.com
 csmymoncspssm REp— .
93 v
. . oo . ® Top consuming operators Shuffle
Get full transparency and visibility into quer | 22
- R Hash A 187 ms Peak memory
G 96 ms
. . . G 41 26ms Metrics
execution with in-depth breakdown at S -
¢ 7ms o Shuffle write time 69.36 1
P 1ms Records read 3,517,182
Local bytes read 1,93 M8
¥
operation level details IR
9 . 187 ms . Local blocks read 3
Shaffle Remote blocks read a9
] 96 ms Data size 80.50 M8
== 28 Remote bytes read to disk o
G = t Shuffle bytes written 3297 M8
e s
. .
|dentify bottlenecks and expensive | | =
E 187 ms Output attributes.
@0 ® < Daavricks 1 Rows property_id
. ° c 187 ms elec_latest_customer_read_at
< C @ htps
operations to enhance queries B K
9 Scan default diamonds
Shuffl 26 ms
SQL warehouses > -
G Scan 7ms
Data team ware} v Shuffle #3 ms
. [
Analyze by time spent data volume and . | s/
I
9 =
Total queries vs. Num| 1
resource usage
160 g
120 6
; II"III'II L[] |Il|l|l IIII“III'II
12am 6am 12pm pn n 12ar Gan
4 ® Waiting in queue
C Query Startedat . o3 User
© (D select T.weekday, case when T.weekday=1 then ‘Sunday’ when.. Sept 02 15:35:12 ricardo.fernandez@databricks.com :
@) select * from ‘default’. 2020_issues_eng'limit 100 —- user. Sept 02 15:35:12 = 603ms  ricardo.fernandez@databricks.com
@ select x from samples.nyctaxi.trips limit 50 with base as .. Sept 02 15: - 239 ms ricardo.fernandez@databricks.com :
@ WITH q AS (SELECT * FROM diamonds LIMIT 1600) SELECT COUNT. Sept 02 15:3¢ - 406 ms ricardo.fernandez@databricks.com
@ select x from range(6578) cross join range (6578) cross jo Sept 02 15:35:08 136 ms ricardo.fernandez@databricks.com :
@ SELECT CASE WHEN COUNT_IF ('fare_amount' is not null) / CO. Sept 02 15:35:06 = 205 ms ricardo.fernandez@databricks.com :
@® select T.weekday, CASE WHEN T.weekday = 1 THEN ‘Sunday’ WH. Sept 02 15:35:06 ® 116 ms ricardo.fernandez@databricks.com :
@ select x from range(6578) cross join range (6578) cross jo. Sept 02 15:35:02 8 55ms ricardo.fernandez@databricks.com :
T T, SN (R Y ST NG 7 SR OORRe (PP v MEF U T SO Sant 02 15:36:02 - o 2

©2023 Databricks Inc. — All rights reserved




DBSQL System Tables

Bronze tables providing visibility into platform activity

What statements were run
by whom & when?

How & when did warehouses scale?

What was | billed for?

Sign up @ tinyurl.com/sys-tables

Thursday, June 209 @12:30 PM | Best Practices For Setting Up Databricks SQL At Enterprise Scale



Data Warehousing talks

Wednesday, June 28

 Databricks SQL: Why The Best Serverless Data Warehouse Is A Lakehouse @2:30 PM

¢ <<< In this room next! >>> What's New In Databricks SQL -- With Live Demos @3:30 PM <<« In this room next! >>>
« Under the Hood: Intelligent Workload Management @4:00 PM

« Unleashing Large Language Models with Databricks SQL's Al Functions @5:00 PM

Thursday, June 29

» Best Practices For Setting Up Databricks SQL At Enterprise Scale @12:30 PM

« Databricks SQL Serverless Under the Hood: How We Use ML to Get the Best Price/Performance @2:30 PM
* Building Apps on the Lakehouse with Databricks SQL @2:30 PM

» Al-Accelerated Delta Tables: Faster, Easier, Cheaper @3:30 PM

* Unlock The Next Evolution Of The MDS With The L akehouse Revolution -— With Live Demos @3:30 PM

» Going Beyond SQL: Python UDFs in Unity Catalog for all your Lakehouse @2:30 PM

©2023 Databricks Inc. — All rights reserved


https://www.databricks.com/dataaisummit/session/databricks-sql-why-best-serverless-data-warehouse-lakehouse
https://www.databricks.com/dataaisummit/session/whats-new-databricks-sql-live-demos
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https://www.databricks.com/dataaisummit/session/unleashing-large-language-models-databricks-sqls-ai-functions
https://www.databricks.com/dataaisummit/session/best-practices-setting-databricks-sql-enterprise-scale
https://www.databricks.com/dataaisummit/session/databricks-sql-serverless-under-hood-how-we-use-ml-get-best-priceperformance
https://www.databricks.com/dataaisummit/session/building-apps-lakehouse-databricks-sql
https://www.databricks.com/dataaisummit/session/unlock-next-evolution-modern-data-stack-lakehouse-revolution-live-demos
https://www.databricks.com/dataaisummit/session/going-beyond-sql-python-udfs-unity-catalog-all-your-lakehouse

Customer talks at Data+Al Summit

Tuesday, June 27

* Rec Room | How Rec Room Processes Billions of Events Per Day with Databricks and RudderStack @12:00 PM
« AT&T | Building and Managing Data Platform for 13+ PB Delta Lake and 1000s of Users: AT&T's Story @1:00 PM

* Collins Aerospace | Jet Streaming Data and Predictive Analytics @2:00 PM

* Michelin | Data Democratization at Michelin @3:00 PM

Wednesday, June 28

* Banco Bradesco | Data Democratization with Lakehouse: An Open Banking Application Case @11:30 AM

 Zurich Insurance | Modernizing the Data Stack: Lessons Learned From the Evolution at Zurich Insurance @12:30 PM
» S&P GLOBAL | Using Databricks to Power Insights and Visualizations on the S&P Global Marketplace @1:30 PM

« Akamai | Internet-Scale Analytics: Migrating a Mission Critical Product to the Cloud @2:30 PM

« American Airlines | Making Travel More Accessible For Customers Bringing Mobility Devices @3:30 PM

» Land O'Lakes | Self-Service Geospatial Analysis L everaging Databricks, Apache Sedona, And R @4:30 PM

Thursday, June 29

* RaceTrac Inc. | Unlocking the Power of Real-Time Data to Maximize Data Insights @11:30 AM



https://www.databricks.com/dataaisummit/session/how-rec-room-processes-billions-events-day-databricks-and-rudderstack
https://www.databricks.com/dataaisummit/session/building-and-managing-data-platform-delta-lake-exceeds-13-petabytes-and-has
https://www.databricks.com/dataaisummit/session/jet-streaming-data-and-predictive-analytics-how-lakehouse-and-apache-sparktm
https://www.databricks.com/dataaisummit/session/data-democratization-michelin
https://www.databricks.com/dataaisummit/session/data-democratization-lakehouse-open-banking-application-case
https://www.databricks.com/dataaisummit/session/sponsored-dbt-labs-modernizing-data-stack-lessons-learned-evolution-zurich/
https://www.databricks.com/dataaisummit/session/using-databricks-power-insights-and-visualizations-sp-global-marketplace
https://www.databricks.com/dataaisummit/session/internet-scale-analytics-migrating-mission-critical-product-cloud
https://www.databricks.com/dataaisummit/session/making-travel-more-accessible-customers-bringing-mobility-devices
https://www.databricks.com/dataaisummit/session/self-service-geospatial-analysis-leveraging-databricks-apache-sedona-and-r
https://www.databricks.com/dataaisummit/session/sponsored-alation-unlocking-power-real-time-data-maximize-data-insights/

Questions?



Learn more at the summit!

e

Tells us what you think

* We kindly request your valuable
feedback on this session.

* Please take a moment to rate and
share your thoughts about it.

*  You can conveniently provide your
feedback and rating through the
Mobile App.
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What to do next?

Discover more related sessions in the
mobile app!

Visit the Demo Booth: Experience
innovation firsthand!

More Activities: Engage and connect
further at the Databricks Zone!

Databricks

% Events App

Get trained and certified

Visit the Learning Hub at the
Databricks Zone!

Take complimentary certification at the
event; come by the Certified Lounge

Visit our Databricks Learning website
for more training, courses and
workshops! databricks.com/learn

S


https://www.databricks.com/learn/

Thank youl!




databricks



SQL to DLT in three easy steps...

Write create live table Create a pipeline Click start

« Table definitions are written » A Pipeline picks « DLT will all

(but not run) in notebooks of table the tables in the pipelines.
definitions, |
« Databricks Repos allow you ennitions, as we .as any
required.

to your table
definitions.

AS SELECT sum(rev) - sum(costs) AS profits
FROM prod_data.transactions
GROUP BY day

Workflows
CREATE LIVE TABLE daily_stats

A WN -

Delta Live Tables
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Pipeline definition

A materialized view (a.k.a live table) is
“stateless”:

» Results of the MV are kept up to
date by the pipeline

CREATE OR REPLACE LIVE TABLE report

AS SELECT sum(profit)
FROM prod.sales
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A streaming table is “stateful”:

« Ensures exactly-once processing of
Input rows

« Computes results over append-only
streams

CREATE STREAMING LIVE TABLE report
AS SELECT sum(profit)
FROM cloud_files(prod.sales)



