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What is Data Observability?

Good pipelines, bad data

> Is the data up-to-date?

- Is the data complete?

> Are fields within expected ranges?

=> |s the null rate higher or lower than it should be?
= Has the schema changed?

=> ... and many more

$
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What is Data Observability?

Good pipelines, bad data

Detect

B ML-powered anomaly detection

B Rule-based detection

M Targeted alerts to impacted owners
& downstream users

Resolve

M Automated field-level lineage
M Impact radius assessment

M Code, data, and operational diagnostics

Prevent

B Auto-generated and on-demand insights
B Schema change notifications

B Automated circuit breakers

@ DATA OBSERVABILITY PILLARS

Freshness | Volume | Quality | Schema | Lineage




Effectv:
Who We Are &
What We Do

effectv




Effectv is an
audience delivery
company that combines
the best of digital with
the power of TV




Data at Effectv

5 billion streams monthly across our platforms
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Data Domains to Business Value effectv |

Segment data using Monte Carlo domains

All domains

CUSTOMER SUPPLY ATTRIBUTION PEOPLE
: . All domains
& \C ATTRIBUTION
- - - AUDIENCE
Organizations that do/have Understanding the inventory Quantifying the impact of our Human Resources
done/should do business we use to deliver audience solutions on driving & People Systems CUSTOMER
with Effectv for our customers outcomes for our customers
FINAMCE
AUDIENCE MEASUREMENT FINANCE
- - MEASUREMENT

l @ I PECPLE
g%% SUPPLY

Consumers of ad-supported Quantifying the delivery of Measuring against CREATE DOMAIN
video who may be persuaded audience for our customers’ quantifiable goals, managing
by our customers’ ads campaigns expenses & budget




Effectv Data Stack

Enabling an analytics platform with Databricks
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Integrating
Monte Carlo
Into Your Data
Stack




Setting up Monte Carlo

Designed with security and data privacy top-of-mind

Ease of Implementation
Deploy Data Collector
Connect Sources

Data reliability dashboard
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Data Reliability Dashboard

Total Tables @

4,535

Stack Summary

i Data Lake data-lake ~
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Projects Datasets Tables

amazon
REDSHIFT
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F t Datase Tables Views
& Looker
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Explores Dashboards Dashboard Tiles

Incidents

All Incidents

294

Tahble Uptime

of tables with no incident

ML Freshness Monitors

98.26%

OF TABLES WERE
INCIDENT-FREE

Freshness Rules

99.7%
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A single pane of glass across multiple teams and stacks
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Asset Manager

Search and summarize any dataset

Settings
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Custom Alerting

Define specific rules with Custom SQL Monitors

SQL Rula Query & oo B o« Investigation Query F o B @ 5QL Rule Maotes e
SELECT Select max|report_date) as report_date, max|latest_bw_dayid) as latest_bw_dayid FROM
CASE effectv_pacing.enap_latest_réport = Report Date: figuery_resultzeport_datel}
WHEN o EW Latest dayid: {[query_resultiatest_bw_deyidi}

SELECT
cast (max| latest_bw daylid) as varchar The report date and the Latest dayid should egusl one anather. The BW dayid is the day we received the dails snd contsine

FRON S impression delivery through the previous day. EX: I the report_date is 52,2023, the max(latest_bw_dayed) should egusl
effectv_pacing. snap_latest_report 5272023, but we will oaly be thowing BW impressions delivery through 5/1/2023.

.

It the bw dayid is less than the snap report date, i1 means Uhe dats is stale and either we did nol caplure the latest parition
wpatead in the ETL oF th upatresm dats is Lite. Upstream dats i owned by BOT (bdt_beseswa bestwax_vl)

51 Tips

Wil can uwhe figuery_result-teld_name)) to parsmetenine values (am the SOL query o a0 slen, replacing feld_name with
the desired column. Use carefully if parametenizing sensitive dats.
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Lineage Impact

See upstream and downstream for any dataset
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Operationalizing
Monte Carlo
With Your

Business




Domain-oriented Notification Strategy = ©ffect |

Stakeholders subscribe to Microsoft Teams
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Notification Levers effectv |

OOTB features to avoid alert fatigue

Xy N W

Importance Muting Tagging
[bdt-datalake] awsdatacatalog:adexposure . Y
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rch Operaior nelp
Sch Change
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Authors > Integration ~ 3 Domain -
Freshness ®
_ 5 Owner ~ > Project ~
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Defining the most Muting data assets that Tagging data assets to
important data assets in are less relevant or don't manage, identify, and

the business require monitoring organize our instance



Monte Carlo In
Action at
Effectv




Campaign Pacing Performance

Effectv Streaming makes good on impression delivery

IS

\_

AD IMPRESSIONS

Metric used to quantify the number of
times the digital video ad was viewed.

The impression count is measured based on
the response from a video ad delivery
system to an ad request from the digital
video content host.

~

%

effectv \




Campaign Pacing Performance

Daily impression aggregation for all active campaigns with Databricks

i

Campaigns

Thousands of active
campaigns monitored daily

Impressions

Billions of impression
events targeted

®

Revenue

Millions in gross
contracted revenue

effectv \

808,

Consumers

Thousands of advertisers,
account executives, and
campaign managers



Campaign Pacing Performance

Daily impression aggregation for all active campaigns with Databricks
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Campaign Pacing Performance

Daily impression aggregation for all active campaigns with Databricks

i

Campaigns

Thousands of active
campaigns monitored daily

Impressions

Billions of impression
events targeted
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Campaign Pacing Performance

Daily impression aggregation for all active campaigns with Databricks
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Campaign Pacing Performance

Daily impression aggregation for all active campaigns with Databricks
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The 5 Pillars with Monte Carlo effectv |

No longer manually collecting the answers behind data downtime

Capturing the Detecting

Showing latest Awareness to

. . expected spikes in i
psc]:ng rr(w)%t(r)lgs number of revenue at risk chancjg;s n the
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The 5 Pillars with Monte Carlo

No longer manually collecting the answers behind data downtime

Showing latest
pacing metrics
before 0900
ET everyday

Capturing the
expected
number of

active
campaigns

Detecting
spikes in
revenue at risk
or unusual
pacing delivery

Awareness to
changes in the
data’s
organization

Understanding
impacted users
and
dashboards

effectv \




Showing latest
pacing metrics
before 0900
ET everyday

Capturing the
expected
number of

active
campaigns

Detecting
spikes in
revenue at risk
or unusual
pacing delivery

The 5 Pillars with Monte Carlo

No longer manually collecting the answers behind data downtime

Awareness to
changes in the
data’s
organization




The 5 Pillars with Monte Carlo effectv |

No longer manually collecting the answers behind data downtime

DISTRIBUTION
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The 5 Pillars with Monte Carlo effecty |

No longer manually collecting the answers behind data downtime
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The 5 Pillars with Monte Carlo

No longer manually collecting the answers behind data downtime

Showing latest
pacing metrics
before 0900
ET everyday

Capturing the
expected
number of

active
campaigns

Detecting
spikes in
revenue at risk
or unusual
pacing delivery

Awareness to
changes in the
data’s
organization

Understanding

effectv \

OO0




Scaling Data Trust with Monte Carlo effectv |

Overwhelmingly response

Having up-to-date data is critical to ensuring Building trust in timely

we can quickly respond to changes in campaign data and decisions

pacing and can adjust our delivery strategy to being made of it!

recapture revenue at I’iSk. Sr. Director, Media Operations Sr. Director, DataOps & MLOps
A task that in the past Empowering ops teams with
could have taken teams a the latest insights to make
week to do, Monte Carlo data-driven optimizations
gives us the answers in for high-risk campaigns.

i I : :
mlnHI&%‘n Enterprise Data Analytics Sr. Manager, Product Management



What's Next




ServiceNow integration, Circuit Breakers

Example
from datetime import datetime, timedelta

from airflow import DAG

try:
from airflow.operators.bash import BashOperator

except ImportError:
# For airflow versions <= 2.0.0. This module was deprecated in 2.9.0.
from airflow.operators.bash_operator import BashOperator

from airflow_mcd.operators import SimpleCircuitBreakerOperator

mcd_connection_id = 'mcd_default_session’

with DAG('sample-dag', start_date=datetime(2022, 2, 8), catchup=False, schedule_interval=timedelta(1))

taskl = BashOperator(
task_id='example_elt_job_1',
bash_command='echo I am transforming a very important table!',
)
breaker = SimpleCircuitBreakerOperator(
task_id='example_circuit_breaker',
mcd_session_conn_id=mcd_connection_id,
rule_uuid="<RULE_UUID>'
)
task2 = BashOperator(
task_id='example_elt_job_2',
bash_command='echo I am building a very important dashboard from the table created in taskl!',
trigger_rule='none_failed'

)

taskl >> breaker >> task2




Monitors as Code, Leverage API

API Explorer

plore the Monte Carle GraphQL APls using the client balow. APl Documentation

Monitor YAML D &

For use with Monitors as code

Access monitor YAML via API

Explore the Monte Carle API!

API Documentation can be found here: https://apidocs.getmontecarlo.com/

1-api-token

custom_sql:

n using our Python SDK {with first class
autematic retries, and more):

- description: Test DS SQL

For reference here is an example gquery to get user information.

schedule:

Press the play button to try 1t out:

type: fixed

email

interval_minutes: 1440 firstName

lastiame
start_time: '2023-03-03T13:00:00.656000+00:00' createdo:

account

timezone: Africa/Bangui

uuid

sql: asdasd
comparisons:
- type: threshold

operator: GT

threshold_value: 0.0

+£
Variables  Headers




Want to know more?

Enabling a Data Governance
Program on Databricks Using Unity
Catalog and ML-Driven MDM

June 28th | 12:30 PDT | Hall D Room 10

Ad Measurement: From
Impressions to Attribution

June 29th | 12:30 PDT | Hall D Room 4




Thanks

Learn more about data
observabillity for the lakehouse:
https://www.montecarlodata.
com/meet-monte-carlo-at-
databricks-data-ai-summit/

Visit us at Monte Carlo’s booth:
#407
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