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Product Safe Harbor Statement

This information is provided to outline Databricks’ general product 
direction and is for informational purposes only. Customers who 
purchase Databricks services should make their purchase 
decisions relying solely upon services, features, and functions that 
are currently available. Unreleased features or functionality 
described in forward-looking statements are subject to change at 
Databricks discretion and may not be delivered as planned or at all.
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A Personal ML Journey

Credit: https://www.youtube.com/watch?v=bbHXSc2wJh0



Does applying 
machine learning 
have to be a 
challenge?



Common Path to Applying ML
From Data to Inference

Exploratory Data 
Analysis

Model Training / 
Optimization

Tracking Model Metrics 
(drift, error, ect)

Software development 
skills

Model Hosting and 
Deployment

Production-level Scaling



Open Data Lakehouse Foundation with 

MLOps / Governance

Data 
Prep

Data 
Versioning Monitoring

Batch 
Scoring

Online Serving

AutoML

Data Science Workspace

Model 
Training

Model 
Tuning

Runtime and 
Environments

Feature Store
Batch (high throughput)

Real time (low latency)

Databricks Machine Learning
Seamlessly integrated AutoML



Databricks  
Lakehouse is the 
foundation for all 
your data 
analytics needs

Lakehouse Platform

All structured and unstructured data
Cloud Data Lake

Unified Governance and Security

Data Reliability and Performance

Data
Warehousing

Data 
Engineering

Data Science
and ML

Data 
Streaming



How can I focus 
less on code and 
more on results?



Spend time on results not code
Leverage automation where it makes sense

- Tracking experiments
- Proper Syntax
- Boilerplate code
- Basic model testing
- Tuning hyperparameters

Machine Tasks

- Exploring data sets for insights and 
building intuition

- Feature engineering
- Checking and making assumptions
- Interacting with and supervising 

automation
- Identifying value and interpreting 

results

Human Tasks



Low-code makes life easy

Reduce time to value for scientists

“Can this dataset be used to predict future 
results?”

“How do I integrate my data expertise into 
the entire data team?”

Opens the door for domain expertise

AutoML, MLflow, and Bamboolib to the rescue

Best Model CodeAutomated Basic 
Data Prep

Baseline ModelDataset 
Exploration & 

Transformations

Simple Model 
Deployment

Reproducible 
Visualizations



What is AutoML?

Automated machine learning (AutoML) is a fully-automated model development solution 
seeking to “democratize” machine learning. While the scope of the automation varies, AutoML 
technologies usually automate the ML process from data to model selection.

select a dataset automated data 
prep

automated feature 
engineering and 

selection

automated training 
and model selection

automated 
hyperparameter 

tuning



Integrated MLflow

One-click scalable 
MLflow model serving

Reproducibility (code, 
cluster config, library 

config, data)

Experiment Sidebar in 
Notebooks

AutoML Tracking and 
Reproducibility

Reproducible research made easier



UI-based data analysis and transformation
Integrating bamboolib into the Notebook

Prepare, transform, visualize, and 
explore your data—all through a UI!

Operations in bamboolib generate 
code so users can see, customize, 
and learn from what happens via 
the UI

Public Preview!

Enable citizen data scientists who 
know what they want to do to do it 
in Python

Be more efficient by spending less 
time writing boilerplate code



Let's see it in 
action!



Recap



“Glass-Box” AutoML 
with a UI

Deploy

Customize

Train & Evaluate

Configure



Databricks AutoML Supported Features

Problem Types Models / Tuning Tracking DeploymentEvaluation

Classification

Regression

Batch Scoring

Model Serving

Features

Numerical

Categorical

Time Series Forecasting

Text

Timestamp

ParametersMetrics

Artifacts Models
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“Databricks’ AutoML greatly improved our time to 
market for our category personalisation model 

with ready-to-use code for quick iteration and we 
were able to outperform our previous model by 

2-3% on the same dataset.”



Allscripts saw massive improvement in their 
customer service operations when they put their 

AutoML model into production.



Fabletics was able to generate and tune models in 
30 minutes (which previously had taken them 

days)



“... improved accuracy of 
vehicle pricing, automated 

model updates and their 
frequency ...”

“... increased revenue by 
personalizing user 

experience ...”

“... improved developer 
productivity by enabling parallel 
training of models for different 
countries, types of articles, and 

time periods  ...”

Customer Success
with Databricks Machine Learning



Who am I?

Stephanie Rivera

• Solutions Architect, Databricks 
• Previous Experiences: VP Data Intelligence, Senior 

Architect Machine Learning, CoAuthor Field Guide to 
Data Science

• Domain Focus: Data Science & Machine Learning



Who am I?

Nicolas Pelaez

• Technical Marketing, Databricks 
• Previous Experiences: Turbine Propulsion Engineer 

and Software Developer for Pratt & Whitney, Technical 
Marketing at Cloudera

• Domain Focus: Machine Learning, Data 
Science/Exploration, User Experiences


